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Simple Wind Speed Prediction Method after A Short Time
using Hierarchical Neural Network

Hitoshi SORI and Takashi YASUNO

This paper describes a simple wind speed prediction method after a short time using a hierar-

chical neural network (NN). To reduce the prediction error of the wind speed, deciding a suitable

combination of weather informations as the input of the NN is very important. Therefore, we

investigates three combinations (Case A, Case B, and Case C) of weather data. Case A is a mean

wind speed before the prediction term. Case B is an amount of the the mean wind speed change in

addition to the data of Case A. Case C is a mean wind direction in addition to the data of Case B.

Some computer simulation results demonstrate the usefulness of the proposed prediction system

and the effectiveness of the selection of suitable weather data.
Keywords : Wind Speed Prediction Method, Hierarchical Neural Network, Wheather Informations
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